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 Introduction

This article draws its main results from the study of the criminal careers of Italian 
mafia members, which is one of the innovative studies in project PROTON. The 
analysis of criminal careers of mafia members covers the years from 1982 up to 
2017. A long period that has allowed the researchers involved in the study to ana-
lyze the data related to the careers of mafiosi across two different levels of analysis: 
their internal statistical significance and the transformations of mafias in Italy. This 
article deals with the first level, introducing the second one in the conclusions and 
postponing it to a larger analysis and publication.

After outlining why the analysis of the criminal trajectories of Italian Mafiosi 
could contribute to the development of the theoretical framework of criminal 
careers, this study explains the secondary data sources used, how these data could 
fit with Blumstein et  al.’ (1986) theoretical framework and how five of the six 
Blumstein parameters have been operationalized through the available data on con-
victed mafia offenders in Italy. The chapter follows a Macro/Meso/Micro approach, 
using the parameters to look at the criminal career of “Mafiosi” from different 
points of view: the macro level aims at identifying the overall patterns of evolution 
comparing them with existing knowledge on other serious offenders (section “The 
Criminal Trajectories of mafiosi”). The meso level compares the types of mafias 
“Mafiosi” belong to, exploring if and what are similarities and differences (section 
“Similarities and Differences of Italian mafiosi Across Their Criminal 
Organizations”). The micro level focuses on individuals, to examine the temporal 
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and spatial dimension of mafia involvement, assessing what factors influence the 
recruitment of mafia offenders into the organization (section “When, Why and 
Where Do mafiosi Enter in Their Criminal Organization?”). Discussion and conclu-
sions follow (section “Discussion and Conclusions”), framing the results of this 
study in a better understanding of the criminal careers of serious criminals, as Italian 
“Mafiosi” are, and the mechanisms that have driven their behaviors.

 Why Italian Mafiosi? What We Can Learn from Their 
Criminal Trajectory?

The demand for the dataset of the criminal careers of Italian mafiosi, as outlined in 
the next section, was originated by the assumption that analyzing all the data of 
Italian mafiosi convicted between 1982 and 2017 could have helped to explain the 
processes of recruitment of mafia members in their organizations. The necessary 
process of anonymization and the relevant missing values of many significant vari-
ables have moved these expectations towards two different research questions that 
are collateral to the issue of recruitment. The former related to how the criminal 
trajectories of Italian mafiosi fit with the theoretical framework of criminal career 
conceived by Blumstein in 1986. The second, using Blumstein’s patterns, to how 
these trajectories can explain the transformations of organized crime in Italy across 
more than 30 years. In both cases the analysis of criminal trajectories of Italian 
mafiosi can reveal something to researchers and policy makers for now and the 
future. It could help, with better data, to refine the different trajectories of mafiosi 
across the four criminal organizations in Italy, understanding similarities and differ-
ences, and discuss and interpret the transformations of mafias in Italy.

 Merging Two Datasets: Variables and Their Robustness

This study relies on a new original dataset, the Proton Mafia Members dataset 
(PMM). The PMM originates from two datasets provided by the Italian Ministry of 
Justice: the Criminal Records Registry (Casellario dataset) and the Prison 
Administration Department dataset (henceforth DAP dataset). Formal agreements 
with the Ministry of Justice made the data available and guarantee the anonymity of 
all individuals in compliance with current data protection and privacy regulations. 
The Casellario dataset provided information on the criminal records for individuals 
convicted for mafia offenses between 1982 and March 2017.1 The dataset included 

1 The research team considered as mafia offenses the crime of mafia association and other offenses 
aggravated by the mafia method (i.e.: Articles 416bis, 416ter, 418 of the Italian Criminal Code, and 
special laws 575/1965, Art. 7 special law 152/1991 and Art. 7 special law 203/1991).
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182,867 offenses, with detailed information on the legislative source (e.g. Italian 
Criminal Code), article number, and paragraph of the violated provisions. The 
research team classified the offenses into 31 categories according to the characteris-
tics of the crimes. The most recurrent categories were weapons and explosives (felo-
nies), extortion, theft, drug-related crimes (i.e. illicit drugs production, trafficking 
and selling), fencing, and mafia association (Savona et al. 2017a). The DAP dataset 
contained socio-demographic variables, arrest and imprisonment data, information 
related to the type mafia association (e.g. Cosa Nostra or ‘Ndrangheta), and the role 
that mafia members held within their group (e.g. affiliate, boss).

The PMM dataset consists of a sample (n = 11,144) of mafia members. It pro-
vides socio-demographic data, information on the type of mafia group (i.e. mafia 
association) and the role, as well as information on mafia members’ criminal career 
(Table 1). In the PMM dataset each observation is a unique alphanumeric ID. The 
research required several data cleaning and data transformation procedures to detect 
and correct inaccurate records. Data preparation included imputation for missing 
data to set up relevant variables for the analyses (Savona et al. 2017a). For instance, 
the treatment of mafia association led to a more robust variable with missing values 
reduced from 43% to 5%. Conversely, few other variables remained with an impor-
tant amount of missing values, as the role of mafia members within their mafia 
group (Table 1). The research team carefully considered this aspect to assess the 
validity and inference of the analyses performed (2017).

The analysis of the criminal careers of Italian mafias’ members relies on the 
conceptual framework of the criminal career paradigm developed by Blumstein 
et al. (1986). A criminal career is defined as “the longitudinal sequence of offenses 
committed by an offender who has a detectable rate of offending during some 
period” (Blumstein et al. 1988, p. 2). Longitudinal data on offending throughout the 
life course represent the ideal data to study the criminal career of individuals 
(Farrington 1992). Longitudinal patterning of criminal activity can be investigated 
using self-report and/or official data. Despite some limitations (see Piquero et al. 
2003), official records can provide precise information about the timing of offences 
through conviction data. This study seeks to investigate the criminal career of mafia 
members through the analysis of unique conviction data contained in the PMM 
dataset.

The analysis operationalizes five of the six parameters related to the criminal 
careers framework, namely: participation, duration, frequency, specialization, and 
escalation (Savona et al. 2017a).2 In the context of offending, participation refers to 
“the proportion of a population who are active offenders at any given time” 
(Blumstein et al. 1988, p. 3). Active offenders include both new offenders and exist-
ing offenders, i.e. individuals with previous criminal convictions (see Piquero et al. 
2003). The analysis of the PMM dataset led computing two different participation 
measures. External participation is the ratio between the number of mafia members 

2 The intermittency parameter was discarded, as available data prevent identification of the prison 
times served by mafia members.
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committing at least one crime in 1 year and the resident population aged 14 and over 
living in the four Italian regions with a traditional mafia presence (i.e. Sicily, 
Campania, Calabria, and Apulia). Internal participation is the ration between the 
number of mafia members committing at least one crime in any year and the number 
of potentially active members in the PMM dataset, i.e. individuals aged between 14 
and 90 in the same year. The duration of a criminal career is the “length of time that 
an offender continues to commit crimes once beginning an active criminal career” 
(Rhodes 1989, p. 3). In the PMM dataset, the duration is the time span between the 
first and the last recorded offence of each individual. The individual offending fre-
quency refers to “the average number of crimes committed per year by active 
offenders” (Farrington et al. 2016, p. 339). Among criminal offenders,  specialization 

Table 1 Descriptive statistics for some variables in the PMM dataset (n = 11,144)

Variable Statistics Missing

Sex 98% are males 0%
Country of birth 98% are born in Italy 0%
Religion 99% are Catholic 12%
Education 82% have between 5 and 8 years of education 18%
Mafia association 37% belong to the Sicilian Mafia 5%
Role 65% are associates, 27% underbosses, 7% bosses 56%
Mean age at first crime 24.61 3%
Mean age at first mafia crime 34.30 16%
Mean age at first arrest 37.85 0%
Mean number of committed 
crimes

16.40 0%

Mean number of crime 
categories

7.34 0%

Mean number of violent 
crimesa

3.42 0%

Criminal careers’ parameter
Participation (internal) 14.29 (avg. % of active offenders committing crimes 

per year)
NA

Duration 14.95 years 2%
Frequency 1.52 crimes per year 11%
Specialization (diversity index) 0.75 4%
Escalation by age 4.84 25%
Escalation by crime number 15.33 25%
Most frequent categories (n = 182,867)
Weapons and explosives 
(felonies)

17% NA

Extortion 9% NA
Mafia association 8% NA
Theft 7% NA
Murder 6% NA

aViolent crimes include murder, extortion, assault and violent offenses, and robbery
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is “the tendency to commit the same type of crime” (Kyvsgaard 2002, p. 147). The 
study assessed the specialization by resorting to the Diversity index.3 Finally, the 
escalation parameter is the tendency to move to more serious offense types 
(Blumstein et al. 1986). The study computed seriousness by considering the average 
statutory penalty for each crime committed, due to missing data on the actual 
imposed sentences. The escalations parameter is the coefficient of a linear regres-
sion of the seriousness of the crimes on a temporal measure. Two different temporal 
measures were used: the escalation by age regresses the seriousness on the offend-
er’s age, thus measuring the escalation as individuals age. The escalation by crime 
regresses the crime seriousness on the progressive number offence in an individual’s 
criminal career, focusing on the escalation as subsequent crimes are committed.

As in other studies relying on administrative data and criminal records, the oper-
ationalization of the five parameters required a long process of data cleaning. 
Furthermore, the measurement of the variables (participation, duration, frequency, 
specialization, and escalation) through available data implied complex choices that 
have been explained in this section. The data have been used at the best of their pos-
sibilities and, the analytical framework that follows in the next section has been 
chosen as the best framework for combining the phenomena analyzed, the research 
questions and the data, including their limitations.

 The Analytical Framework: Macro, Meso, Micro Dimensions 
of the Criminal Careers of Italian Mafiosi

For the purpose of this study, we consider members of the Italian mafias all indi-
viduals who were convicted for a mafia offence (see footnote 1 above) and whose 
conviction if final according to the Italian criminal justice system. This criterion is 
certainly very restrictive, as it may exclude e.g. individuals with pending criminal 
proceedings or whose cases were dismissed due to statute of limitations. 
Nevertheless, the selection provides a clear threshold for delimiting the sample 
population. The analysis of the criminal careers of Italian mafia members relies on 
a three-level approach that focuses on their macro, meso, and micro dimensions.

The macro dimension analyses the whole sample of mafia members, focusing on 
the identification of specific trajectories through Group Based Trajectory Modelling. 
The goal of the first level is to identify overall patterns of evolution in the career of 

3 The diversity index (DIi) for individual i is defined as DI p pi

m
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are the 31 crime categories identified in the dataset and pm
i( ) is the proportion of offenses commit-

ted by individual i in the crime category m. The diversity index can be interpreted as the probability 
that any two offenses drawn randomly from an individual’s set of offenses belong to two different 
crime categories (Piquero et al. 1999). When DIi=0, offender i is completely specialised on one 
type of crime. Conversely, a value of the index approaching 1 indicates that the offender engages 
in a diversity of crime categories. Given the number of crime categories identified in the dataset, 
the maximum value of the diversity index in this analysis is (31-1)/31 = 0.97.
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Italian mafiosi and compare them with existing knowledge on other serious offend-
ers. The meso dimension focuses on the different types of Italian mafias, namely, 
Camorra, Sicilian Mafia, ‘Ndrangheta, and Apulian mafia. Notoriously, Italy hosts 
several mafias which differ under many aspects. The most popular Italian mafias are 
the Sicilian Cosa Nostra, the ‘Ndrangheta (originating from the Calabria region), 
the Camorra (from the Campania region) and the Apulian Sacra Corona Unita. Each 
mafias has peculiar historical, cultural and organizational features (Berlusconi 
2014; Paoli 2014). While Cosa Nostra and the ‘Ndrangheta are a confederation of 
different groups, the Camorra does not constitute a confederation: “Camorra” is the 
name employed to refer to independent gangs and criminal groups located in the 
province of Naples and in the surrounding areas (Paoli 2014). The Sacra Corona 
Unita was active in Apulia since the early 1980s, but the arrest of most of its mem-
bers at the beginning of the current century led to its decline and to the emergence 
of a variety of other criminal groups currently active in the region (Direzione 
Investigativa Antimafia 2002; Europol 2013). Given the differences across the 
mafias, the meso dimension explores the possible discrepancies across the criminal 
careers of members of different mafias. The micro level dimension analyses the 
dynamics and mechanisms of mafia involvement and careers at individual level, 
providing information on how mafia members’ careers evolve. It can shed light on 
the specific characteristics of the criminal careers of mafia members driving their 
recruitment into the mafias.

The analyses of each dimension employed different quantitative techniques, 
namely group-based trajectory modelling, regression models, and statistical corre-
lation, using the criminal careers parameters as fundamental variables in all the 
analyses. The analysis exploited available social and demographic variables, in 
addition to the criminal careers parameters calculated for each individual in the 
whole population. Further details on the data sources, the data cleaning and the 
computation of the parameters of the criminal careers are available in the research 
report of Project PROTON (Savona et al. 2017a).

While it is the first time that this type of analysis if conducted on the Italian 
Mafiosi, relying on a large and original dataset provided by the Italian Ministry of 
Justice, the data have a few limitations. First, the analysis focused only on final 
convictions, to precautionarily include only crimes whose commission was finally 
established by the courts. In the Italian criminal justice system, a conviction is final 
only when the deadline for filing an appeal in a higher court has expired, or when 
there are no higher courts to appeal to. The law gives the defendant and the prosecu-
tion the possibility to appeal the judgement of the tribunals, and appeal decisions 
can be further challenged before the Corte di Cassazione (the Italian supreme court 
for civil and criminal cases). This process may take several years, depending on the 
type of offence and the resources available to the parties. Given the seriousness of 
the possible penalties, mafia-related criminal proceedings are often likely to go 
through three separate decisions, and even more (e.g. the supreme court may quash 
an appeal judgement and order a new appeal trial, which might be further chal-
lenged before the supreme court). As a result, the most recent period in the sample 
is underrepresented as many proceedings are likely still pending. Therefore, our 
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results are mostly representative of the mafia members’ population convicted 
between the 1980s and the 2000s and have very limited application to the most 
recent years. Second, the PMM lacks some important information which may be 
useful for examining the criminal careers of mafia members. For example, there is 
no information about the imposed penalties for each crime and consequently it is 
impossible to reliably determine the prison time served by each individual. Third, 
the PMM does not provide data on co-offending (whether two or more criminals 
were convicted for the same offence), nor on the affiliation to specific mafia family 
or clan. Due to this lack of information it was impossible to explore the criminal 
career patterns in relation to the dynamics of specific criminal groups.

 The Criminal Trajectories of Mafiosi

The interest over the developmental evolution of criminal involvement has attracted 
the attention of many scholars in the last decades. Researchers have applied Group 
Based Trajectory Modelling (henceforth GBTM) as the most common statistical 
technique for investigating individual and collective trajectories of crime across 
criminal samples of different nature. In a landmark paper, Laub and co-authors 
(1998) have relied on longitudinal data collected by Glueck and Glueck (1968) to 
analyze the criminal trajectories of juvenile delinquents. In their study, they have 
demonstrated how desistance from crime is facilitated when individuals engage in 
quality marital bonds, moreover highlighting how this positive influence is gradual 
and cumulative over time. Similarly, Blokland and Nieuwbeerta (2005) have proved 
how marriage and other life circumstances can have individual effects on the devel-
opment of criminal trajectories over time, using a sample of Lussier (2010) and 
colleagues have instead focused on sexual crimes. They have studied a quasi- 
population of convicted adults in Quebec and detected four different offending tra-
jectories. Their analysis stressed the difference across groups in terms of age of 
onset, frequency, diversity and specialization, thus contesting the idea that sex 
offenders have stable and linear profiles. Employing a nationally representative 
sample of Dutch men convicted in 1977, van de Rakt et al. (2012) have concentrated 
on the effects of paternal imprisonment on criminal trajectories of children, finding 
a mixed relationship between fathers’ imprisonment and child convictions. In fact, 
paternal imprisonment does not alter the shape of development of a criminal career 
but it alters the height of a criminal trajectory. Additionally, authors found that chil-
dren whose fathers were convicted before they were 12 years old had a higher prob-
ability of imprisonments in the age between 18 and 30.

Applications of GBTM to more serious forms of crime, as white-collar crime or 
organized crime, is rarer. Among the few examples, van Onna and colleagues ana-
lyzed the criminal career profiles of a sample of white-collar criminals (2014), 
showing four different types of criminals with consistent patterns also in terms of 
selection offence characteristics and sociodemographic background. Van Koppen 
et  al. (2010) investigated the existence of specific longitudinal trajectories for a 
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sample of 854 Dutch organized criminals. Also in this case, the study identified four 
distinct groups holding specific features. Both these studies shed light on the exis-
tence of late onset mechanisms for serious offenders. Specifically, Van Koppen and 
co-authors point out how the insufficient attention on late onset can be explained by 
the high attention given to youth samples in criminal trajectories literature and by 
the interest on high volume crime in which adult-onset is scarce. Contrarily, studies 
on white collar and organized crime highlight the presence of subgroups of indi-
viduals who start to engage in crime in their adult age following dynamics which 
Kleemans and de Poot tried to explain through the theoretical framework of social 
opportunity structure (2008). However, in spite of the wide interest of criminolo-
gists for the study of criminal careers over time, no research existed on the trajecto-
ries of mafia members to date. To the best of our knowledge, this is the first 
comprehensive analysis of the criminal trajectories of Italian mafia members.

In this study, we apply GBTM to the criminal career of Italian Mafiosi. Group 
Based Trajectory Modelling (henceforth GBTM) is a statistical technique that aims 
to detect different subpopulations that share common offending trajectories over 
their careers and detect significant patterns (Jones and Nagin 2013). Technically, 
GBTM is a specialized form of finite mixture modelling employed to analyze devel-
opmental trajectories measuring a specific outcome over certain time periods, and 
has been extensively applied in Criminology (see Nagin, 2016). In the present study, 
the outcome (i.e. the dependent variable) is represented by the number of offenses 
committed by an individual at a given age. Relying on the age as temporal dimen-
sion (instead of the years) allows to position all the individuals in the dataset at the 
same starting point. We adapted the PMM data for the use of GBTM through two 
strategies. First, the time-span covers crimes committed by Italian mafiosi from age 
14 to age 60.4 Second, we censored the maximum number of offence per year set-
ting it at 15. This figure is reasonably high, as it is close to mafia members’ average 
number of offences across the whole career, and allows for a correct computation of 
the models.5

The analysis of the trajectories within the mafia members population (n = 11,144) 
led to the identification of five different groups that reflect distinct developmental 
and criminal patterns (Fig.  1). We labelled the trajectories as High Frequency 
Offenders (HFO), Low Frequency Offenders (LFO), Moderate Persistence Offenders 
(MPO), High Persistence Offenders (HPO), and Early Starters (ES).

Each trajectory group holds specific features (Table 2). High Frequency Offenders 
(10.33% of the sample) start early and reach their criminal peak at age 30. As 

4 Some mafia members in the PMM still commit offences after age 60. However, considering the 
lack of information on the death date and the technical problem of high singularity of the matrix 
(the high occurrence of zero offences for the years from age 55 to age 75), the dataset was censored 
to age 60.
5 Indeed, at a first stage the absolute variance of the entire matrix was too high for the correct com-
putation of the models. Some individuals committed more than 100 offences in a single age/year, 
while zeros accounted for 75% of the cells of the matrix after the computation (98% before tem-
poral censoring).
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 suggested by the label, they exhibit the higher frequency overall and they are also 
the most active in general, showing the highest average number of crimes commit-
ted. Conversely, Low Frequency Offenders report the lowest frequency and average 
number of crimes committed. Their criminal activity is low and almost stable for the 
entire course of their lives. Nevertheless, they tend to commit few but very serious 
offences, considering that their average seriousness is the highest overall. Moderate 
Persistence Offenders reach their highest criminal activity at age 28, moderately 
persisting over their careers. Indeed, they converge towards zero at age 50. Their 

Fig. 1 Criminal trajectories of mafia members (n = 11,144)

Table 2 Descriptive statistics of mafia members’ trajectories

Group
N of 
individuals

Avg age at 
first crime

Avg N of 
crimes

Avg 
duration

Avg 
frequency

Avg 
seriousness

High frequency 
offenders

1151
(10.33%)

20.52 39.51 17.68 3.21 80.63

Low frequency 
offenders

3803
(34.13%)

32.66 5.59 10.79 0.94 125.63

Moderate 
persistence 
offenders

2408
(21.61%)

21.00 19.71 20.00 1.13 71.75

High persistence 
offenders

961
(8.62%)

22.78 33.27 29.06 1.34 65.66

Early starters 2821
(25.31%)

19.72 13.01 10.01 1.83 86.38

Overall 11,144
(100.00%)

24.61 16.41 14.95 1.53 94.23
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duration is above the average and they also tend to engage in crime early. High 
Persistence Offenders show a sinusoidal trend over time. The most notable feature 
is that they tend not to desist in the adult age: they exhibit their criminal peak at age 
45, when most mafia members are not active anymore (due to desistance or inca-
pacitation). Consequently, High Persistence Offenders have on average the longest 
careers, but tend to commit the least serious crimes overall. Finally, the Early 
Starters are mafia members who start their criminal careers at the youngest age. At 
age 23 they reach their criminal peak, rapidly followed by a steep decrease. Their 
trajectory converges towards the zero early (age 38), probably as a consequence of 
an incapacitation effect linked to the high risk of conviction that unexperienced 
young members face in their early careers.

The results are mostly in line with previous literature (Onna et  al. 2014; Van 
Koppen et al. 2010). Indeed, both studies identified the same number of groups (i.e.: 
4) with similar trajectories shapes, with at least one group of low frequency offend-
ers. Moreover, an early onset group is often related to higher frequencies while low 
frequency offenders are associated to a later onset age. These findings point out 
how, regardless of the specific type of criminal activity, mafia member seem to fol-
low developmental trajectories similar to other serious criminals. The explanation 
for this result may be found into future research on the underlying mechanisms that 
push individuals to criminal activities at certain stages of their lives.

 Similarities and Differences of Italian Mafiosi Across Their 
Criminal Organizations

The research team assessed the differences across the careers of the members of the 
four main types of Italian mafias: the Sicilian Mafia, the Camorra, the ‘Ndrangheta, 
and the Apulian mafia. These four mafias differ in terms of criminal interests, orga-
nizational structure, modus operandi and reactions against the State action. Such 
differences might cause the criminal career of their mafia members to follow dis-
tinctive paths, thus justifying the analysis of mafia members’ criminal careers at the 
meso level (by type of mafia organization).

To explore whether the criminal careers of members belonging to different 
mafias are significantly different, the analysis relied on the mafia association 
variable. Originally, this variable was missing for 43.07% of mafia members. 
However, the analysis exploited information on the mafia member’s province of 
birth and on the region where mafia organizations are rooted to significantly 
reduce the amount of missing data. First, mafia organizations were grouped by 
Italian region.6 Second, individuals with a missing mafia association value but 

6 A new variable (mafia association aggregated) was created by grouping the different values of 
mafia association by Italian region. This resulted in five categories for mafia association aggre-
gated: “‘Ndrangheta” (grouping members of ‘Ndrangheta and Other Mafias Calabria), “Sicilian 
Mafia” (grouping members of Cosa Nostra, Stidda and Other Mafias Sicily), “Camorra” (consist-
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who were born in provinces with an established and predominant mafia group 
were imputed this mafia group as mafia association.7 For example, 99.49% of 
mafia offenders born in the province of Naples (and with a non-missing mafia 
association value) are Camorra members, while 99.67% of offenders born in the 
province of Reggio Calabria are ‘Ndrangheta members. 1314 mafia offenders 
born in Naples and with a missing mafia association value were imputed 
“Camorra” as mafia association, while 700 offenders born in Reggio Calabria 
and with missing mafia association were coded as ‘Ndrangheta members. 
Overall, the imputation reduced missing values from 43.07% (n = 4800) to 5.35% 
(n = 596), thus allowing a more robust analysis of the similarities and differences 
of the criminal careers of members of different mafia organizations.

The analysis of the trend in the number of offenses committed by members of 
different mafia organizations reveals the presence of some meso-level differences 
(Figs. 2 and 3). The analysis focuses on the number of crimes committed after 1982, 
the year in which the mafia association crime was introduced in the Italian Penal 
Code.8 In each year considered, most recorded offenses are committed by either 
Camorra or Sicilian Mafia members. Despite the evidence on the dimension and 
expansion of the ‘Ndrangheta in recent years (Ciconte 2014), crimes committed by 
this mafia organization represent a minor share throughout the years 1982–2016. 
This could be a consequence of the family structure characterizing the ‘Ndrangheta, 
which leads to very few pentiti and guarantees secrecy and power to this mafia orga-
nization (Serenata 2014). At the same time, the underestimation by the Italian State 
of the power and influence of the ‘Ndrangheta allowed its expansion abroad, espe-
cially when law enforcement authorities had their eyes on the Sicilian Mafia after 
the murder of two anti-mafia judges in 1992 (Ciconte 2014).

Between 1984 and 1997, the Sicilian Mafia was the mafia organization register-
ing more final convictions, while from 1997 onwards the share of offenses commit-
ted by members of the other mafias (especially Camorra members) acquires a 
greater importance. This finding corroborates the view that the intensification of law 
enforcement action that followed the “terrorist” mafia attacks in 1992–1993 led to a 
decline in the power of the Sicilian Cosa Nostra (Paoli 2008). Indeed, the trend in 

ing of Camorra members), “Apulian Mafia” (grouping members of Sacra Corona Unita and Other 
Mafias Apulia) and “Mafia Lucana” (consisting of members of Mafia Lucana). Results for “Mafia 
Lucana” are not presented in the following analysis as only 28 offenders in the dataset are mem-
bers of this mafia organization, thus impeding to draw comparable conclusions on their criminal 
career’s patterns.
7 For each Italian province where the number of mafia members born in that province was higher 
than 100, the relative frequencies of the mafia groups (values of mafia association aggregated) 
were calculated. If the relative frequency of a mafia group within a province was greater or equal 
than 85%, that value was imputed into a new variable named mafia association aggregated clean 
for all individuals born in that Italian province.
8 The sample includes n = 129,571 offenses out of the total 182,867 offenses in the PMM dataset. 
This discrepancy is due to two reasons: firstly, offenses committed before 1982 or with missing 
year are excluded from these charts. Secondly, offenses with a missing value for the mafia associa-
tion variable (after the data imputation) are excluded as well.

The Criminal Careers of Italian Mafia Members



252

Fig. 2 Percentage of offenses committed by mafia association (on the total number of offenses 
committed by mafia members, n = 129,571)

Fig. 3 Number of offenses committed by mafia association per year (n = 129,571)

the total number of offenses committed per year by the Sicilian Mafia (Fig. 3) dis-
plays a marked peak in 1991 followed by a sharp decline in the following years.9 On 

9 The drop in the number of crimes committed by all mafia organizations in more recent years 
(approximately from 2007 onwards) might be influenced by the fact that the dataset contains infor-
mation on mafia members’ final convictions. In Italy, proceedings for mafia-related offenses often 
last many years before reaching a final judgment. For example, the analysis of the data from the 
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the other hand, the number of crimes committed by Camorra and Apulian mafia 
members exhibits a similar peak in the early 1990s but remains quite sustained in 
the following years.

The variables and parameters describing mafia members’ criminal careers pres-
ent statistically significant differences in their mean values across mafia organiza-
tions (Table 3). Nonetheless, the distributions of the parameters in the four mafia 
organizations are visually very similar (Savona et al. 2017a). Italian mafia organiza-
tions share some specific features that distinguish them from other types of criminal 
organizations, such as the ability to control legitimate markets and the exertion of 
political dominion over the areas of settlement (Paoli 2014). However, the docu-
mented differences in the criminal careers of members of different Italian mafia 
organizations seem to underline some disparities in the criminal interests and modus 
operandi, which likely relate to the historical development of such criminal 
organizations.

Casellario shows that on average Italian courts issue definitive judgments (i.e. irrevocable sen-
tences) 6 years after the commission of the mafia association crime.

Table 3 Descriptive statistics of the criminal career’s parameters and variables in the four Italian 
mafia organizations

Type of mafia organization
Apulian mafia ‘Ndrangheta Camorra Sicilian Mafia

Participation (internal)∗ 18.81% 11.17% 15.17% 13.11%
Participation (external)∗ 0.0083% 0.0104% 0.0096% 0.0120%
Duration 15.46 13.55 15.40 15.00

(9.81) (11.46) (10.55) (11.09)
Frequency 1.71 1.42 1.53 1.46

(1.53) (1.79) (2.07) (2.02)
N violent crimes 2.91 2.16 3.83 3.78

(4.77) (4.01) (6.16) (7.34)
Specialization 0.81 0.72 0.77 0.74

(0.10) (0.14) (0.12) (0.14)
Mean crime seriousness 74.45 107.28 86.73 104.76

(37.59) (60.09) (44.89) (54.92)
Escalation (by crime number) 13.90 10.95 16.85 16.84

(36.44) (47.64) (39.49) (44.43)
Escalation (by age) 5.80 3.39 5.52 4.34

(18.36) (20.80) (17.51) (17.35)
Number of individuals 1625 1710 3234 3951

Notes: standard deviations reported in parenthesis. aFor internal and external participation, the 
average participation over time (1982–2016) is shown. For all the other variables, the average 
across individual level values is presented. ANOVA tests have been run for all the individual level 
variables, revealing statistically significant differences (at the 0.1 per cent level) across different 
mafia organizations for all of them

The Criminal Careers of Italian Mafia Members



254

A general analysis of the variables and parameters defining mafia members’ criminal 
careers in the four main Italian mafia organizations allows to grasp some of the underly-
ing differences across these organizations. On average, Apulian mafia members exhibit 
the most intense criminal careers: they have the longest careers, the highest offending 
frequency and they are the most versatile offenders. They also display the highest mean 
internal participation, indicating that on average a higher share of Apulian mafia mem-
bers are active offenders over the period 1982–2016. Moreover, Apulian mafia members 
exhibit the highest escalation by age, while Camorra and Sicilian Mafia members appear 
to have on average the highest escalation by crime number. Despite presenting such 
intense criminal careers, Apulian mafia members commit on average less serious 
offences compared to members of all the other mafia organizations. The Apulian mafia 
experienced the greatest expansion between the 1980s and 1990s, after which it faced 
many arrests, trials and defections, which caused it to implement a strategy of violent 
conflict against the State and other criminal organizations (Massari 2014). Moreover, 
contrary to other mafia organizations, recruitment procedures in the Apulian mafia are 
not based on biological-parental principles, causing offenders who seek to gain a leading 
role in the organization to resort to violence, murder and other coercive tools to move up 
the command hierarchy and maintain their position of power (Massari 2014).

The criminal careers of members of other mafia organizations seem to evolve dif-
ferently. ‘Ndrangheta and Sicilian Mafia members are the most serious offenders in 
terms of the average seriousness of committed crimes. Compared to members of 
other mafia organizations, ‘Ndrangheta members have shorter careers and commit 
crimes at lower frequency, but the average seriousness of committed offences is the 
highest (despite not focusing on the perpetration of violent crimes). Their lower esca-
lation values suggest that ‘Ndrangheta members commit more serious offences since 
the early years of their criminal career. On the other hand, Camorra and Sicilian 
Mafia members have on average more violent careers. The mean criminal career’s 
duration and frequency for members of the Camorra and Sicilian Mafia is close to the 
overall average, but the mean number of violent crimes committed is especially high.

It is hard to infer conclusions from this analysis where similarities and difference 
across the four criminal organizations say very little. Further exploration with more 
specific examination of the groups and better data may provide better insights into 
specific characteristics of criminal careers within specific types of mafias. Individual 
patterns as outlined in the next section could contribute to this analysis.

 When, Why and Where Do Mafiosi Enter in Their Criminal 
Organization?

From a micro-level perspective, the study investigates the temporal and spatial 
dimension of mafia involvement, trying to determine what factors influence when 
and where mafia offenders enter in their criminal organization. Whereas more infor-
mation is available as regards the age of entrance into the mafia organization, less 
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can be inferred with respect to the spatial dimension of mafia involvement. A close 
examination of the differences between “early recruits” and “late recruits” allows to 
analyze some of the factors leading to mafia involvement, thus providing an explor-
atory answer as to why offenders enter in their mafia organization.

In line with previous studies on organized crime offenders (Francis et al. 2013; 
Kleemans and de Poot 2008), the criminal career of Italian mafiosi tends to start at 
a quite late age compared to what has been found in samples of common criminals: 
on average, Italian mafia members commit their first crime at the age of 25 (median 
age is 22). However, their entrance in the mafia organization (marked by their first 
mafia association offense) usually occurs at an even later stage, being on average at 
the age of 34 (median age is 33).10

At the individual level, the age of entrance into the mafia organization varies 
significantly across the sample. While some members join the mafias as young 
adults, other enter at later ages. To explore the characteristics influencing an early or 
a late entrance into the mafia, the sample has been divided into three groups accord-
ing to the distribution of the variable for the age of entrance into the mafia. More 
specifically, offenders whose age at mafia entrance is lower or equal than the 25th 
percentile of the distribution (27 years old) are classified as “early recruits”, while 
offenders who entered the mafia at an age equal or higher than the 75th percentile 
of the distribution (40 years old) are identified as “late recruits”. Drivers of early and 
late recruitment are assessed through multinomial logistic regressions where the 
dependent variable is the categorical variable dividing the sample in “early recruits”, 
“late recruits” and offenders who joined the mafia at an “average” age (the baseline 
category) (Table 4).11 In the first specification (the first and third column of Table 4), 
the included predictors are the criminal career’s parameters, the number of violent 
crimes committed and the mean seriousness of committed crimes. In the second 
specification (the second and fourth column of Table 4), the model aims to detect 
whether early and late recruits committed different types of crimes before entering 
the mafia organizations. For this purpose, the included predictors are the number of 
crimes committed under certain groupings of the crime categories.12 Moreover, all 
specifications include the years of education as regressor and control for the year of 
birth and the type of mafia association.

10 The year of the first mafia association offence is employed as a proxy for the timing of entrance 
into the mafia organization. This methodological choice may present some flaws linked to the 
imprecision of the year of crime variable and to the possibility that mafia offenders committed 
some mafia association crimes at younger ages that might have gone undetected by law enforce-
ment authorities. Nonetheless, some robustness checks relying on building time-buffers that 
“move” the year of recruitment to 1, 2 and 3 years before and after the year of the first mafia asso-
ciation crime showed that the choice of this last variable as year of entrance into the mafia organi-
zation is fairly robust (Savona et al. 2017a).
11 Most results are robust to the change in the age limit defining “early” and “late” recruits (Savona 
et al. 2017a).
12 Crimes have been grouped through a Principal Component Analysis that enabled to identify 
relevant correlations across the 31 crime categories and reduce them into six groupings (Savona 
et al. 2017a).
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Table 4 Drivers of early and late recruitment: multinomial logistic regressions

Base outcome is the average recruitment age (28–
39 years old)
Early recruits (<28 years 
old)

Late recruits (>39 years 
old)

‘Ndrangheta −0.275 −0.486 0.474 0.174
(0.251) (0.156)∗∗ (0.226)∗ (0.168)

Camorra 0.270 −0.047 0.157 −0.089
(0.172) (0.122) (0.191) (0.151)

Sicilian Mafia −0.146 −0.455 0.645 0.434
(0.172) (0.113)∗∗∗ (0.181)∗∗∗ (0.140)∗∗

Mean serious. pre MO −0.007 0.004
(0.002)∗∗ (0.002)

Duration pre MO −0.492 −0.358 0.275 0.168
(0.028)∗∗∗ (0.014)∗∗∗ (0.015)∗∗∗ (0.008)∗∗∗

Frequency pre MO 0.115 0.191
(0.070) (0.110)

Escalation pre MO 0.003 −0.011
(0.003) (0.005)

Specialization pre MO 1.961 −1.588
(0.504)∗∗∗ (0.442)∗∗∗

N violent crimes pre MO 0.014 −0.069
(0.025) (0.020)∗∗∗

N long conviction crimes pre MO 0.001 −0.021
(0.009) (0.008)∗∗

N robbery, theft and related crimes 
pre MO

0.158 −0.197
(0.016)∗∗∗ (0.018)∗∗∗

N arson and assault crimes pre MO 0.132 −0.076
(0.030)∗∗∗ (0.033)∗

N drug-related crimes pre MO −0.119 0.090
(0.039)∗∗ (0.031)∗∗

N admin, financial, road traffic 
crimes pre MO

0.071 −0.035
(0.029)∗ (0.013)∗∗

N white-collar crimes pre MO −0.311 0.170
(0.077)∗∗∗ (0.054)∗∗

N associative crimes pre MO 0.423 −0.292
(0.123)∗∗∗ (0.105)∗∗

Years of education −0.075 −0.080 0.105 0.090
(0.027)∗∗ (0.017)∗∗∗ (0.022)∗∗∗ (0.016)∗∗∗

Year of birth 0.113 0.134 −0.162 −0.182
(0.010)∗∗∗ (0.007)∗∗∗ (0.010)∗∗∗ (0.007)∗∗∗

Intercept −218.770 −262.035 311.177 354.273
(19.333)∗∗∗ (13.258)∗∗∗ (19.290)∗∗∗ (13.713)∗∗∗

Pseudo R2 0.521 0.475 0.521 0.475

(continued)
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Early recruits tend to have completed less years of education compared to offend-
ers who joined the mafia at an “average” age, while late recruits are on average more 
educated. This result is robust to the two different specifications reported in Table 4 
and it is not driven by a temporal trend to recruit younger (and more educated) 
offenders, as all models control for the offender’s year of birth. The positive rela-
tionship between years of education and age at first mafia offense might have differ-
ent explanations. More educated offenders may be better able to hide their criminal 
behavior to law enforcement authorities, which did not detect some mafia associa-
tion crimes they committed while they were younger. It might also be that offenders 
with higher education face more career options, and thus commit to the involvement 
into the mafia organization at a later stage. Given that a higher education is associ-
ated with a late entrance into the mafia organization, the educational background 
appears to be a factor influencing the recruitment into the mafia, as suggested by 
other studies on organized crime (Albini 1971; Carvalho and Soares 2016; Ciconte 
1992; Hess 1993; Sales 2015). This literature indicates that illiterate people from 
lower socio-economic background are more likely to join organized criminal groups 
(see Savona et al. 2017b). Official reports of Italian anti-mafia institutions also cite 
the relation between poor education, low economic conditions and scarce access to 
legitimate jobs as risk factors for youths’ involvement in the mafias (Commissione 
Parlamentare Antimafia 2012; Direzione Investigativa Antimafia 2002).

Two specific criminal features characterize early recruits compared to offenders 
who joined the mafia at an “average” age: early recruits were on average more ver-
satile in the type of crimes committed before entering the mafia organization, and 
they committed on average less serious offences. Conversely, compared to offenders 
who joined the mafia organization at an “average” age, late recruits committed a 
lower number of violent crimes before entering the mafia and they were less versa-
tile offenders. Hence, the propensity to commit different types of offences appear to 
be a relevant criminal feature influencing the timing of entrance into the mafia 
organization.

Compared to the baseline group, early and late recruits are characterized by 
sharp differences in the type of crimes committed before joining the mafia organiza-
tion. Offenders who, before joining the mafia, committed more robbery, theft and 

Table 4 (continued)

Base outcome is the average recruitment age (28–
39 years old)
Early recruits (<28 years 
old)

Late recruits (>39 years 
old)

Observations 3396 5972 3396 5972

Notes: standard errors reported in parenthesis. “MO” refers to the first mafia offence. ∗, ∗∗ and ∗∗∗ 
indicate statistical significance at the 5, 1 and 0.1 per cent level, respectively. Early recruits are 
offenders whose age at the entrance into the mafia organization is lower than the 25th percentile of 
the distribution of the age at entrance into the mafia organization, while late recruits’ age at 
entrance into the mafia is higher than the 75th percentile. Base outcome for the mafia association 
is the Apulian mafia
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related crimes, more arson and assault crimes, more administrative and financial 
crimes and more associative crimes13 tend to enter the mafia organization at younger 
age. Conversely, offenders committing (before the first mafia association crime) 
more drug-related crimes and more white-collar crimes join the mafia organization 
on average at a later age.

Turning to the spatial dimension of mafia involvement, available data highlight 
that Italian mafia organizations are rooted in specific Italian provinces and regions. 
The province of birth is a strong predictor of the type of mafia organization that 
offenders will join: for example, of 417 offenders born in the province of Caserta (in 
the Campania region) and for whom the mafia association is known, 99.52% 
(n  =  415) belong to the Camorra.14 Moreover, the great majority of offenders 
(84.45%) reside in the region of birth, thus suggesting that most offenders are 
recruited in the region where they were born. Nonetheless, some mafia organiza-
tions appear to be more prone to relocate their criminal activities outside the region 
where they are traditionally rooted. Compared to other mafia members, ‘Ndrangheta 
members are significantly more likely to reside in a region different from the one 
where they were born, while the opposite is true for Sicilian mafia members.15

The micro level analysis of mafia members’ criminal careers highlighted that 
violent and versatile offenders with less years of education tend to enter the mafia 
organization when they are younger. Offenders are usually recruited in the province 
or region of birth. These findings offer valuable insights for designing specific crime 
prevention strategies tailored to individuals who are more likely to be recruited into 
the mafia.

As a complementary although separate exploration, the study explored the dif-
ferences in the criminal career of mafia members before and after the recruitment 
into the mafias. The moment of recruitment was operationalised as the year of the 
first mafia association offence in each individual’s criminal career. To this aim, the 
analysis focused solely on the subset of individuals with sufficient and reliable 
information on the mafia association offenses (n = 5993).16

As a preliminary analysis the dimensions of the criminal career (duration, fre-
quency, specialization, escalation, number of crimes, and average seriousness) were 
computed for both periods before and after recruitment (Table 5).17 The statistical 

13 “associative crimes” excludes the mafia association crimes, thus grouping together the crimes of 
“criminal association” and “drug trafficking criminal association”.
14 These statistics refer to the mafia association variable before data imputation, see Section 6 for 
more details.
15 These considerations arise from logistic regression models having as dependent variable the 
offender’s mafia association (Savona et al. 2017a, p. 227).
16 The initial 11,144 mafia members were filtered based on the number of crimes they committed, 
maintaining in the sample only those members who committed at least four crimes. For each mem-
ber was then computed the probability that crimes with no year were the first or last crimes of the 
member’s career. These two passages lowered the sample size from 11,144 to 5993.
17 To test the robustness of the choice of the year of the first mafias offence as a proxy for the 
recruitment year, we calculated the distributions of the dimensions moving the recruitment moment 
backwards in time of 1, 3 and 5 years. The analyses focused on those members with information 
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significance of the differences before and after recruitment was assessed with 
T-tests, showing that escalation is significantly lower after recruitment and the aver-
age seriousness is significantly higher. This suggests an escalation in the criminal 
pattern of mafia members before recruitment, followed by more serious offenses 
after the recruitment moment.18

The average seriousness shows an almost constant escalation in the years before 
recruitment, followed by an almost symmetric de-escalation (Fig. 4). A very similar 
situation is found by the average number of crimes (Fig. 5). These trends suggest 
that in the years before commission of the first mafia offence, the individuals in the 
sample are already engaged in criminal activity, with a slight increase in the years 
immediately before the mafia offence. Yet the offences’ seriousness is increasingly 
higher, suggesting that on average the individuals in the sample may go through a 
pattern of “criminal training” before entering the mafias. Surprisingly, after entrance 
in the mafias, the criminal activity de-escalates both in terms of number of offences 
and seriousness. Nevertheless, this second pattern could be biased due to the limita-
tions of the data. For example, it is likely that investigations for mafia offences 
entail pretrial detention or conviction sentences. These prison time for mafia asso-
ciation and other serious crimes likely account for an important part of the de- 
escalation after recruitment. Prison time certainly reduces the offending capacity of 
the mafia members, which in turn depresses the average values of the population. 
While the data lack detailed information on the actual detention periods, the crimi-
nal career of a given mafia member includes both years with committed crimes 
(active years), and years with no criminal records (silent years). To analyze the 
effect of the silent years on the results, a more specific test focused on the active 
years only. Starting from the year of recruitment t0, each step backwards/forwards 
represents the previous/following year in which the mafia member was “active”, i.e. 
committed at least one crime. Contrary to the analysis across time, which comprises 
periods of both criminal activity and inactivity, the analysis across active years only 
accounts for periods of criminal activity.

Indeed, the after-recruitment behaviour clearly differs when analysing the seri-
ousness over active years (Fig. 6). After increasing before recruitment and peaking 

about all the six different dimensions, and on the four time-buffers defined for 0, 1, 3 and 5 years. 
The correlation was computed, for each dimension, before and after recruitment, and across the 
time-buffers. Results show strong correlations on average, pointing out the robustness of the 
choice. Further details about the robustness checks are in (Savona et al. 2017a).
18 The offence of mafia association is excluded from the calculation of the seriousness, as it would 
have increased the average seriousness score for all mafia members.

Table 5 Mean values of the criminal career’s parameters of mafia members before and after 
recruitment

Duration Frequency Specialization Escalation
Number of 
crimes

Average 
seriousness

Before 11.74 1.40 0.67 6.36 10.46 57.27
After 9.50 1.74 0.64 −5.39 7.74 82.70
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in the year of recruitment, the average crime seriousness stabilises. Removing peri-
ods of inactivity (likely to include prison time) uncovers that the seriousness of 
crimes after recruitment maintains higher levels than before recruitment. Similarly, 
the analysis of the average number of crimes across active years confirms the esca-
lation before recruitment, but points up a slight increasing number of crimes after 
recruitment (Fig. 7).

Given the establishment of a high level of seriousness after the recruitment 
moment, the next issue to be addressed was how the number of crimes changed 
(before and after recruitment) across crime categories. Descriptive statistics show 
that recruitment into mafias induce a drop in some low-seriousness categories such 

Fig. 4 Average seriousness before and after recruitment, across both active and silent years. t0 
represents the year of recruitment

Fig. 5 Average number of crimes before and after recruitment, across both active and silent years. 
t0 represents the year of recruitment
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as financial offences, robbery and theft, overcompensated by (i) the appearance of 
mafia association offenses, and (ii) a rise in high-seriousness categories such as drug 
trafficking and criminal association, and extortion (Fig. 8).

Overall, the analysis of the seriousness and number of crimes before and after 
recruitment shows a remarkable escalation. Mafia members increase their offending 
frequency and particularly the seriousness of the offenses. The path to mafia recruit-
ment suggests that, on average, candidates need to show their criminal skills to be 
admitted in the organization. Recruitment impacts significantly on mafia members’ 
offending patterns. The number of crimes, when considering only active years, con-
tinues to escalate, while the seriousness stabilises at high levels. Recruitment into 

Fig. 6 Average seriousness before and after recruitment, across active years. t0 represents the year 
of recruitment

Fig. 7 Average number of crimes before and after recruitment, across active years. t0 represents 
the year of recruitment
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Fig. 8 Average number of crimes (per ID) per crime category, before and after recruitment into 
mafias
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the mafias seems therefore to perform a catalyst function in the criminal career of 
the members, expanding offending opportunities both in number and seriousness. 
The general belief that sees recruitment into mafias as a starting point in the crimi-
nal career of a mafia member, is therefore challenged. In particular, the data present 
a new alternative and interesting point of view, which finds recruitment into mafias 
as a secure settlement point.

 Discussion and Conclusions

The results of the analysis at Micro level shed light on the entire study helping to 
discuss its contribution to the knowledge of the criminal trajectories of Italian 
Mafiosi.

The first point to be discussed is how this study in general combines with the 
theoretical framework designed by Blumstein and colleagues (Blumstein et  al. 
1988; Piquero et  al. 2003). Having chosen the same parameters identified by 
Blumstein, the question could be not relevant. On the contrary, considering that five 
of the six parameters have been operationalized ex post, the question becomes rel-
evant because the data collected and used for the operationalization process have 
influenced the development of the study. The high level of missing information in 
the PMM dataset for socio-demographic variables should be considered as a general 
limitation to the interpretation of its results (Table 1).

Having considered this limitation and taken into account those parts of the study 
that rely on robust data, the answer to the first point is positive. This means that the 
results of this study are consistent with the general framework on criminal careers 
and with other studies related to the criminal careers of organized crime members 
(Kleemans and van Koppen 2014; Van Koppen et  al. 2010; Francis et  al. 2013; 
Fuller et al. 2019). What results is that Italian “Mafiosi” are not different in their 
criminal trajectories from other serious criminals as pointed out in section “The 
Criminal Trajectories of mafiosi”. Results presented in the other sections, exclude 
that Italian mafia members who have been arrested, present relevant differences 
with other serious criminals in the five parameters considered, confirming the valid-
ity of the conceptual framework. Considering that this study is the first to analyse 
the criminal trajectories of mafia members this conclusion is relevant. Same homo-
geneity is found when in the meso analysis (section “Similarities and Differences of 
Italian mafiosi Across Their Criminal Organizations”) convicted criminals are ana-
lyzed across the four criminal organizations. Marginal differences are observed in 
the distribution of the five parameters allowing to conclude that the seriousness of 
the criminal behavior of mafia members is prevalent on the existing differences 
among criminal organizations. It should be considered here that even if the variable 
“mafia Association” was present in the database with relevant missing data, this 
study has overcome this obstacle by creating a new variable (mafia association 
aggregated) following the procedure explained in footnote n. 6.

The second point is the relation of the results of this study with the main project 
on the recruitment of members from criminal organizations this study is part of. 
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Results from the micro-analysis (section “When, Why and Where Do mafiosi Enter 
in Their Criminal Organization?”) help to draw the picture in relation to the Italian 
criminal organizations. The analysis shows that early recruited members tend to 
have less education compared to offenders who joined the mafia at an “average” 
age; conversely, late recruits are on average more educated. Moving from the age of 
recruitment to the criminal records of offenders, that are the most robust data of the 
database, it emerges that early recruited offenders have committed a variety of com-
mon crimes, whereas late recruited offenders have committed more drug-related 
crimes and white collar crimes. Filtering these results with the impact of the five 
parameters, it appears that late recruiters with a better education are more special-
ized in mafia crimes than younger recruiters. Late recruitment, better education and 
crime specialization are the three components that drive the different recruitment 
steps in organized crime. There is a necessary caveat: smart offenders with a better 
education and being more aware of the risks related to mafia crimes could have 
avoided the conviction and be not present in the database considered.

These results have relevant policy implications for project PROTON because 
they can help in driving policies for curbing recruitment processes from criminal 
organizations. If early recruited are young, less educated, committing a variety of 
crimes and late recruited are more educated and more specialized in crimes commit-
ted, policies for preventing these two targets need to be different. It could be assumed 
that prevention policies of primary (family level) and secondary (school level) 
socialization could work effectively in driving young people to legitimate activities 
making the illegitimate ones less attractive. On the contrary, criminal policies with 
severe sanctions and sophisticated investigations could be more effective in deter-
ring the recruitment of older and more educated offenders that are specialized in 
mafia crimes.

Targets and policies are consistent with the recent changes of Italian organized 
crime: declining in participation, as the results of this study show, but becoming 
more sophisticated in its infiltration in the legitimate businesses. The 2018 
Parliamentary Antimafia Commission writes in its report that there is a common 
trend in all the territories and organizations consisting in the progressive reduction 
of violence in favor of exchange relationships in the illegal and legal markets (CPA 
2018, p. 13). These are the relationships that request more sophisticated and well- 
educated personnel. This evolution that could be generalized for all the Italian crim-
inal organizations is anticipated by recent investigations of mafia prosecutors. In the 
ad-hoc meeting on Proton project held in Milan on September 15, 2018, the general 
prosecutor of Naples declared that from recent investigations it becomes clear that 
the recent heads of Camorra organizations are legitimate entrepreneurs. 
Entrepreneurs have replaced old “traditional” bosses possibly because they are bet-
ter able to manage criminal organization in a new environment where the exchange 
between the illegal and legal markets are particularly intense.

This study has analyzed the criminal trajectories of Italian “Mafiosi” providing 
relevant data for discussing the characteristics of those entering in the Italian crimi-
nal organizations. The results, despite some relevant missing data, have opened a 
window on the understanding of the mechanisms related to the recruitment pro-
cesses, introducing policy scenarios that are the object of other parts of Proton proj-
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ect. A more complete view to understand today’s processes could be possible 
combining the 30 years transformations of Italian organized crime with the policies 
used for combatting it. Data used by this project are a good start but additional data 
are needed, especially on those socio-demographic variables that have relevant 
missing values in this study. These data combined with criminal trajectories of 
Italian Mafiosi here analyzed, could produce more focused lessons for future poli-
cies against criminal organizations in Italy and beyond.

As explained in the introduction, this chapter develops a statistical analysis of the 
data contained in the dataset, following Blumstein’s framework. Its conclusions are 
in the comments to the different analyses conducted. The analysis of these data in 
relations to the transformations of Italian mafias is postponed to another publica-
tion, part of project PROTON. This analysis will start using the Blumstein patterns 
to understand and explain the transformations of mafias in Italy in the last 30 years. 
Linking these transformations with past and present antimafia policies could help in 
developing instruments and offering suggestions to mitigate and reduce the expan-
sion of mafias, and consequently their attractiveness and potential for recruitment.
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